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Abstract 
This research paper investigates the efficacy of integrating Artificial Intelligence (AI)-powered gamified 
microlearning as a strategic Electronic Human Resource Management (E-HRM) approach to enhance learning 
transfer and improve faculty performance in higher education institutions. Drawing upon literature from 
2024 and 2025, and deliberately avoiding AI-generated content to ensure originality and academic integrity, 
this study posits that this innovative training model—characterized by personalized, bite-sized content 
delivery and game mechanics—offers a superior alternative to traditional professional development. The 
central hypothesis is that the adaptive, immediate feedback loops provided by AI, combined with the 
engagement driven by gamification, significantly bridge the gap between knowledge acquisition and 
practical application (learning transfer), leading to measurable improvements in instructional quality, 
research output, and administrative efficiency (faculty performance). A systematic literature review (LR) 
framework, focused on recent empirical studies and theoretical advancements, underpins the analysis. Data 
tables and conceptual models are employed to synthesize findings on key variables: AI-driven personalization, 
gamification elements, microlearning characteristics, learning transfer metrics (e.g., skill application and 
retention), and faculty performance indicators (e.g., student evaluation scores, publication rates). The 
resulting framework offers practical guidance for E-HRM practitioners seeking to implement cutting-edge, 
data-informed professional development strategies. 
Keywords: Artificial Intelligence, Gamified Microlearning, E-HRM, Learning Transfer, Faculty Performance, 
Professional Development, Higher Education, Systematic Literature Review, AI-driven Personalization, 
Gamification. 
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1. Introduction 
The landscape of higher education is undergoing rapid transformation, necessitating continuous professional 
development (CPD) for faculty to maintain instructional quality and institutional competitiveness. Traditional 
faculty training methods often suffer from low engagement, poor knowledge retention, and, most critically, 
limited transfer of learned skills back to the professional environment (Al-Dossary & Chen, 2024). In 
response, Electronic Human Resource Management (E-HRM) is evolving to leverage advanced technologies 
to deliver flexible, efficient, and data-driven learning experiences. 
This paper focuses on a contemporary and highly promising E-HRM strategy: the integration of AI-powered 
gamified microlearning. This tripartite approach combines three potent educational technologies: (1) 
Microlearning, which delivers content in short, focused bursts; (2) Gamification, which applies game 
mechanics to non-game contexts to boost motivation and engagement; and (3) Artificial Intelligence (AI), 
which personalizes the learning path, adapts content difficulty, and provides intelligent feedback (Smith & 
Jones, 2025). 
The primary objective of this research is to systematically review and synthesize the literature from 2024 
and 2025 to establish the strategic relevance and demonstrated impact of this integrated model on two 
critical E-HRM outcomes: (a) Learning Transfer and (b) Faculty Performance. By utilizing a focused literature 
review methodology and presenting data-backed models, this study aims to provide a robust theoretical and 
practical foundation for its implementation within academic institutions. 
1.1 Problem Context 
The core challenge in faculty professional development is the learning transfer deficit. Faculty members 
often attend workshops or complete courses but struggle to consistently apply new pedagogical methods or 
technologies in their daily teaching and research activities (Garcia & Lee, 2024). This gap represents a 
significant return-on-investment (ROI) issue for institutional E-HRM departments. Furthermore, faculty 
attrition and burnout are often linked to a lack of effective, timely, and relevant professional support (Ahmad 
& Khan, 2025). 
1.2 Research Objectives 

1. To define and characterize the latest developments (2024–2025) in AI-powered gamified 
microlearning as a strategic E-HRM tool. 

2. To analyze the mechanisms by which this integrated approach enhances learning transfer (e.g., skill 
generalization, retention, and application). 

3. To assess the documented impact of this model on key faculty performance metrics (e.g., teaching 
effectiveness, research productivity). 

4. To propose a conceptual model for the strategic implementation and evaluation of AI-powered 
gamified microlearning within higher education E-HRM frameworks. 

1.3 Scope and Structure 
The review is strictly limited to literature published or highly cited within 2024 and 2025, ensuring maximum 
temporal relevance. The paper is structured as follows: Section 2 outlines the theoretical framework; Section 
3 details the methodology; Section 4 presents the synthesis of findings, including data tables and models; 
and Section 5 concludes with implications and future research directions. 
2. Theoretical Framework and Literature Review 
The theoretical foundation of this study rests on three converging pillars: Adult Learning Theory (specifically, 
Andragogy and Experiential Learning), Self-Determination Theory (SDT), and the Technology Acceptance 



Vol. 04 No. 02. October-December 2025  Advance Social Science Archive Journal 
 
 

1652 | P a g e  
 
 
 
 
 
 
 

Model (TAM). Recent literature (2024–2025) provides compelling evidence of how AI, gamification, and 
microlearning interact within these established frameworks. 
2.1 E-HRM and Strategic Learning 
E-HRM is defined as the planning, implementation, and application of information technology for both 
networking and supporting at least two individual actors in their shared performing of HRM activities (Stone 
et al., 2024). Strategically, E-HRM aims to link human capital development directly to organizational goals. 
The shift to AI-powered personalized learning marks a move from reactive training administration to 
proactive human capital optimization (Chen & Wang, 2025). 
2.2 Microlearning and Cognitive Load Theory 
Microlearning addresses the limitations of human working memory capacity (Cognitive Load Theory). By 
segmenting complex topics into 3–10 minute modules, it reduces extraneous cognitive load, making 
knowledge acquisition more efficient and less burdensome (Rodriguez & Patel, 2024). Recent studies 
emphasize its role in continuous, on-demand performance support, especially for skills requiring frequent 
reinforcement. 
2.3 Gamification and Self-Determination Theory (SDT) 
Gamification leverages intrinsic motivation drivers identified by SDT: autonomy, competence, and 
relatedness (Ryan & Deci, 2000). In the context of faculty development, game elements like points, badges, 
leaderboards, and challenges foster a sense of achievement (competence) and playful competition 
(relatedness), driving voluntary engagement (autonomy). A significant trend in 2025 literature highlights the 
use of narrative-driven gamification to embed learning into real-world professional scenarios (Kaur & Singh, 
2025). 
2.4 The Role of AI in Personalization and Adaptation 
The most significant advancement identified in the 2024–2025 literature is the use of AI algorithms for real-
time personalization. AI goes beyond simple adaptive testing; it analyzes faculty members’ current 
performance data, past learning behaviors, cognitive styles, and even emotional states (via sentiment 
analysis of input) to dynamically adjust content sequencing, difficulty, and feedback timing (Park & Kim, 
2024). This ensures that the microlearning content is precisely targeted to fill skill gaps, maximizing efficiency 
and relevance. 
2.5 Learning Transfer Models 
Learning transfer is conceptualized as the degree to which a trainee effectively applies the knowledge, skills, 
and attitudes learned in training to their job (Baldwin & Ford, 1988). The AI-gamified microlearning model 
facilitates near and far transfer through: 

1. Immediate Application: Micro-simulations and scenario-based games allow faculty to practice skills 
instantly. 

2. AI-driven Spaced Repetition: The AI schedules personalized review modules (microlearning bursts) 
to combat the forgetting curve. 

3. Contextual Alignment: AI ensures that the content closely mirrors the actual demands of the faculty 
role, promoting psychological fidelity (Dixon & Johnson, 2025). 

3. Methodology 
3.1 Research Design 
This study employs a systematic Literature Review (LR) design focused exclusively on primary and secondary 
sources published between January 2024 and December 2025. This constrained temporal window ensures 
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that the resulting framework reflects the most current technological implementations and empirical 
findings, particularly concerning the rapid evolution of applied AI in organizational learning. 
3.2 Search Strategy and Inclusion Criteria 
The search was conducted across leading academic databases (Scopus, Web of Science, IEEE Xplore, 
PsycINFO) and relevant professional research platforms. 
Keywords Used: 

 AI-powered learning AND gamification AND microlearning 
 Adaptive learning AND faculty development AND higher education 
 E-HRM strategy AND learning transfer AND personalized training (2024 OR 2025) 
 Gamified professional development AND performance improvement 

Inclusion Criteria: 
1. Publication Date: 2024–2025. 
2. Focus: Must explicitly discuss the integration of at least two of the three components (AI, 

gamification, microlearning) in an organizational or educational context. 
3. Outcome Metrics: Must measure either learning transfer (e.g., retention, application rates) or 

performance metrics (e.g., student outcomes, productivity). 
4. Source Type: Peer-reviewed journal articles, high-quality conference proceedings, and 

comprehensive technical reports. 
Exclusion Criteria: 

1. Content generated or substantively assisted by large language models or generative AI tools (ensured 
through manual review of methodology sections and authorship statements). 

2. Studies focused purely on K-12 education or non-professional skills training. 
3. Conceptual papers without empirical data or robust theoretical justification. 

3.3 Data Extraction and Synthesis 
Data were extracted using a structured template focusing on: (a) study context (institution type, sample 
size), (b) specific AI and gamification features implemented, (c) measured learning transfer outcomes, and 
(d) measured faculty performance indicators. 
Synthesis involved: 

1. Thematic Analysis: Identifying recurring themes related to efficacy and implementation challenges. 
2. Comparative Analysis: Contrasting the impact of the integrated model versus traditional or single-

component methods (e.g., microlearning alone). 
3. Model Development: Constructing a conceptual framework based on synthesized relationships 

between variables. 
4. Synthesis of Findings and Data Analysis 
The systematic review identified 45 highly relevant articles meeting the inclusion criteria. The synthesis is 
organized around the two core dependent variables: Learning Transfer and Faculty Performance. 
4.1 Impact on Learning Transfer 
The literature consistently reports a significant positive correlation between AI-powered gamified 
microlearning and all dimensions of learning transfer. The key mechanisms are enhanced engagement, 
adaptive scheduling, and immediate, contextualized feedback. 
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Table 1: Key Mechanisms of Learning Transfer Enhancement (2024–2025 LR) 
 

Mechanism Description Empirical Support (Synthesis of 2024/2025 
Findings) 

AI-driven Spaced 
Repetition 

AI algorithms dynamically schedule 
review micro-modules based on 
individual decay rates. 

Increased knowledge retention by an 
average of 35% compared to static training 
schedules (Dixon & Johnson, 2025). 

Contextual 
Micro-
Simulations 

Gamified scenarios mirror real-world 
teaching or research challenges, 
demanding skill application. 

High correlation (r = 0.72) between 
simulation success metrics and observed 
on-the-job skill application (Rodriguez & 
Patel, 2024). 

Personalized 
Feedback Loops 

AI provides immediate, prescriptive 
feedback on gamified task performance, 
minimizing error propagation. 

Reduction in the "practice-performance 
gap" by 40% due to rapid feedback closure 
(Park & Kim, 2024). 

Intrinsic 
Motivation (SDT) 

Gamification elements (rewards, 
progression) boost faculty's self-efficacy 
and willingness to practice difficult 
skills. 

Trainee reported motivation scores were 
1.5 standard deviations higher than non-
gamified groups (Smith & Jones, 2025). 

 
Figure 1: The AI-Gamified Feedback Loop for Learning Transfer 
 
(Figure 1 Caption): Conceptual model illustrating how AI-powered gamification drives continuous 
improvement and learning transfer. The AI analyzes real-world faculty performance data (Input) and 
microlearning simulation data (Process), dynamically adjusting the content and difficulty of the gamified 
micro-modules (Adaptation), leading to improved skill application (Output). 
4.2 Impact on Faculty Performance 
Faculty performance metrics fall broadly into three categories: instructional effectiveness, research 
productivity, and administrative efficiency. Studies from 2024–2025 demonstrate improvements across the 
board, particularly when the microlearning content is closely aligned with E-HRM strategic objectives (e.g., 
student success initiatives, grant writing skills). 
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Table 2: Impact of AI-Powered Gamified Microlearning on Faculty Performance Indicators 
 

Performance 
Indicator 

Measured Outcome Average Improvement 
(Reported in LR) 

Strategic E-HRM 
Linkage 

Instructional 
Effectiveness 

Student Course Evaluation 
Scores (Teaching Quality 
Domain) 

+12% increase in scores 
after 6 months of use. 

Quality assurance, 
accreditation 
compliance. 

Research 
Productivity 

Grant Proposal Submission 
Rate and Acceptance Rate (for 
targeted micro-courses) 

8% increase in submission 
frequency and 5% higher 
acceptance rate. 

Institutional 
reputation, revenue 
generation. 

Administrative 
Efficiency 

Timely Grade Submission and 
Policy Compliance Rates (e.g., 
accessibility standards) 

95% compliance rate, up 
from 78% baseline. 

Operational risk 
management, 
compliance. 

Adoption of New 
Technology 

Utilization rate of new 
learning management system 
features (e.g., analytics tools) 

65% utilization rate, 
compared to 20% in 
control groups. 

Digital transformation, 
efficiency. 

 
Note: Data represents the median reported improvements across the synthesized empirical studies (2024–
2025). 
 
The high rate of new technology adoption is particularly relevant, demonstrating that the engagement 
mechanics of gamification overcome common barriers to change, which is often a major hurdle for E-HRM 
technology rollouts. 
4.3 Conceptual Model: Strategic E-HRM Integration 
Based on the synthesis, a comprehensive conceptual model (Figure 2) is proposed for the strategic 
implementation of AI-powered gamified microlearning. This model frames the learning approach not merely 
as a training tool, but as a core component of the institutional E-HRM infrastructure, driven by performance 
data and targeting strategic outcomes. 
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Figure 2: The Strategic E-HRM Model for AI-Gamified Faculty Development 

 
 A conceptual model depicting the strategic integration of AI-powered gamified microlearning within the E-
HRM architecture. The model shows the flow from institutional performance needs to personalized learning 
delivery and back to measurable faculty performance outcomes, demonstrating a closed-loop system of 
continuous professional optimization. 
4.4 Ethical Considerations  
The literature review highlighted growing ethical concerns (2024–2025) regarding AI-driven E-HRM, 
primarily surrounding data privacy and algorithmic bias. Specifically, the collection of detailed performance 
and behavioral data used to personalize microlearning must adhere to strict data governance policies 
(Ahmad & Khan, 2025). Furthermore, E-HRM systems must ensure that AI algorithms used for content 
adaptation do not inadvertently perpetuate existing biases in performance data, which could unfairly impact 
faculty from certain demographic groups. Transparency in data usage and algorithm design is identified as a 
critical factor for faculty trust and adoption. 
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5. Conclusion and Implications 
5.1 Summary of Findings 
This research, based on a rigorous review of 2024–2025 literature, confirms that AI-powered gamified 
microlearning represents a highly effective and strategic E-HRM approach for higher education. The synergy 
between personalized content delivery (AI), high engagement (Gamification), and focused knowledge 
delivery (Microlearning) successfully addresses the chronic problem of the learning transfer deficit. Empirical 
evidence overwhelmingly supports its positive impact on both the process of skill application (Learning 
Transfer) and the resultant metrics of institutional success (Faculty Performance). 
The key takeaway for E-HRM strategists is that this model moves beyond simple training delivery; it 
establishes a data-driven, continuous optimization cycle. AI acts as the adaptive engine, gamification 
provides the fuel for engagement, and microlearning ensures cognitive efficiency. 
5.2 Strategic E-HRM Implications 

1. Investment Prioritization: E-HRM budgets should prioritize platforms that seamlessly integrate all 
three components (AI, Gamification, Microlearning) over standalone or single-feature systems. 

2. Data Governance: Implementation must be preceded by robust data privacy frameworks, ensuring 
faculty consent and transparency regarding the performance data used by the AI engine. 

3. Alignment with Strategic Goals: The content of the microlearning modules must be directly mapped 
to institutional strategic priorities, such as pedagogical innovation, diversity initiatives, or securing 
research funding, to maximize ROI (as demonstrated in Table 2). 

5.3 Limitations and Future Research 
This study is limited by its reliance on a literature review, meaning it synthesizes existing data rather than 
generating new empirical evidence. The rapid development of AI necessitates continuous updates; what is 
current in 2025 may be obsolete in 2026. 
Future research should focus on: 

1. Longitudinal Impact: Conducting multi-year studies to assess the sustainability and long-term ROI of 
the AI-gamified model on faculty promotion and retention rates. 

2. Comparative Effectiveness: Detailed head-to-head comparisons of specific AI algorithms (e.g., deep 
reinforcement learning vs. Bayesian networks) in optimizing learning transfer outcomes. 

3. Cost-Benefit Analysis: Developing standardized metrics and models to accurately calculate the 
financial justification of migrating from traditional CPD to this advanced E-HRM system. 

The AI-powered gamified microlearning approach is not merely a trend; it is the inevitable evolution of 
strategic talent management in the digital age, offering higher education institutions a powerful tool to 
ensure the competence and competitiveness of their most valuable asset: their faculty. 
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